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Memorable quotes from yesterday:

Integrating economic statistics in monitoring the 2030 Agenda
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Aneed to think about fthe future
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Sample survey of APES 2019 participants:

fwhat is the best opportunity and the biggest challenge for your country to
use big data in monitoring the 2030 Agenda?0
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Reference papers

Lessons for effective Public-Private Titi Kanti Lestari, Siim Esko Titi and Siim
Partnerships (PPPs) from the use of mobile (BPS Indonesia and

. . . .. Positium)
phone data in Indonesian tourism statistics

Asita Sekar Asri, Siti Sita
Subjective Happiness Index based on Twitter Mariyah
i Idlenesia (BPS Indonesia i District
Office in Sulawesi)

. . . : q Ignatius, Titi
Measuring Commuting Statistics in Indonesia Amanda Pratama Putra, v Gl

. . . Ignatius Aditya Setyadi,
Using Mobile Positioning Data Siim Esko, Titi Kanti Lestari

(BPS Indonesia and
Positium)

: Vira
Development of a Big Data Analysis System Maftukhatul Qomariyah

) . Virati, Rachmi Agustiyani,
(Case Study: Unemployment Statistics) Siti Mariyah, Setia Pramana

(BPS Statistic, District
Office in Kalimantan)
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Real time tax data: A glimpse into the future of
employment and earnings statistics

David Freeman  January 30, 2018
Categories: ONS

.Iﬁt_ear_aﬁn_g_e_caﬁomic statistics in monitoring the 2030 Agenda
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Master sample frame demonstrates its value
when used w common classifications,
concepts & definitions #data

THE INTECRATED SURVEY FRAMEWDRX: A FOCUS ON LIVESTOCK
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Figure 27 - Availability by type of national data source
Part llic SDG Data Sources and Gaps
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Metadata
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Discussion session (1): responding to user
needs

A Policy-making needs (SDGs) in Indonesia driving big data
developments in:

A MPD in commuting statistics

A MPD in tourism statistics

A Social media analysis for well-being/happiness
A Analysis system for unemployment statistics

AHow do we plan/design methodologies and
approaches for big data that meet user needs?



‘-.

( 74 APES WEEK 2013
)

ASIA-PACIFIC ECONOMIC STATISTICS WEEK

'.Iﬁt_ear_aﬁn_g_e_cgﬁomic statistics in monitoring the 2030 Agenda
~

Methodology

CIRCULAR
MONTHLY

Figure 1. Usual Environment (Saluveer, E)
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Take ot every staypoint Select subscribers who visited
Which is not in home and work home and work on the same day

Kabupaten min. once a week
COMMUTERS

STAYPOINT
CALGULATION

Gount the number of days which Take Kabupaten that have the
the home and work distinct are maximum daily frequency if the
visited on the same day montly is the same

Figure 2. Commuters algorithm
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Quality Management / Metadata Management

Specify Needs Design Build Collect Process Analyse Disseminate Evaluate
1.1 21 3.1 4.1 5.1 6.1 71 8.1
Identify needs Design outputs Build collection Create frame & Integrate data Prepare draft Update output Gather evaluation
instrument select sample outputs systems inputs
3.2 72
1.2 2:2 - 4.2 5.2 6.2
. . Build or enhance . " 5 Produce 8.2
(:onsu“ne :dc:nﬁrm Dzzlsg:ﬁ;:ir:‘l;le process Set up collection Classify & code Validate outputs TR Conductevaliation
components products
3.3 7.3
1.3 : 4.3 5.3 6.3 8.3
- 23 Build or enhance . A 5 : Manage release of .
Est::_h;l;isztsput Design collection i miration Run collection Review & validate lnterpor:: 8; tesxplam iacerination Agree aiznactlon
1 components P products P
7.4
1.4 24 3.4 44 5.4 6.4 Promote
Identify concepts Design frame & Configure Finalise collection Edit & impute Apply disclosure disceaination
sample workflows control products
1.5 2.5 3.5 5.5 6.5 7.5
Check data Design processing Test production Derive new Finalise outputs Manage user
availability & analysis system variables & units support
1.6 26 3.6 56
Prepare business Design production Test statistical Calculate weights
case systems & workflow business process

3.7
Finalise production
system

5.7
Calculate
aggregates

58
Finalise data files
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In terms of big data
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\User Needs in the'?and 39 Level Governmen

Time Coverage Autonomy Subjectivity
Analysis Data Real Case
Once every several Till 2 level Sometimes In every region
year government manipulated (not by
BPS)



Data

What, How, Why?

Wu et al. (2015) Mitchell et al.
(2013)

Python 2.7¢ Tweepyg
Streaming AR{ JSON

NLPc LabMTDictionary

Dataset

. Apriltill July, 2M overall,67.589

tourismtweets and 3.800health

tweets. \

DPGs
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User Activity in the System

Working System Time Estimation Total Time Estimation Total

Proposed System

Opening news site 30 seconds

30 seconds

Open the news link @30 seconds

30 news X 30 seconds 7
900 seconds

Copy Paste news into

30 seconds
excel @

30 news X 30 seconds 7
900 seconds

Web scraping news site’ @1 second

30 news x 1 second = 3
seconds

Download news that has

6 sites X 5 seconds = 3(

Topic

Compiling news 300 seconds 300 seconds been collected @5 seconds seconds
Skimming N t 30 X 120 d .
imming INews fo searc @120 seconds news seconads Searching news* 2 seconds 2 seconds
related news 360 seconds
Opening jobs vacancy si 30 seconds 30 seconds
. . 30 job vacancy X 30 o .
Open the job vacancy lir @30 seconds J Y Web scraping job vacan 30 job vacancy x 1 seco
seconds = 900 seconds| . @1 second

site* =30 seconds

Copy Paste job vacanc 30 job vacancy X 30

. Py : y @30 seconds J y

into excel seconds = 900 seconds

S Download job vacancy

Compiling job vacancy 300 seconds 300 seconds 5 seconds 5 seconds
that has been collected*

Opening & Searchlng. 60 seconds 60 seconds Monitoring Index Google 5 seconds 5 seconds

Index Google Trend site Trend*

Opening & Searching

Tweet and Trending 60 seconds 60 seconds Monitoring Tweet* 5 seconds 5 seconds

Total Activity : 11

Total : 3840 seconds
64 minutes

Total Activity : 7

Total : 107 seconds ~
1.783 minutes
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Discussion session (1): responding to user
needs

A Policy-making needs (SDGs) in Indonesia driving big data
developments in:

A MPD in commuting statistics

A MPD in tourism statistics

A Social media analysis for well-being/happiness
A Analysis system for unemployment statistics

AHow do we plan/design methodologies and
approaches for big data that meet user needs?
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Discussion session (2): data quality issues with
new methodologies
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Availability Usability Reliability Relevance Presentation Quality
— Accessibility Definition/ —  Accuracy L{ Fitness Readability
Documentation
—1 Timeliness —  Integrity Structure
Credibility
— Authorization —1 Consistency
MetaData

Data Science Journal (May 201B)e Challenges of Data Quality and Data Quality

Assessment in the Big Dat&ra Li Cai andangyongZhu, Fudan University, Shanghai,
China
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Goals of data collecting = Determining quality dimensions and elements

v

> | Formulating evaluation baseline |« Determining indicators

\

—> Data collecting —> Data cleaning

v

Drata quality assessment

Output data Generating data quality report

v

Data analysis and data mining

yoeqpaa pue juausnlpy

Output results

Data Science Journal (May 201B)e Challenges of Data Quality and Data Quality
Assessment in the Big Dat&ra Li Cai andangyon@hu, Fudan University, Shanghai,
China
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Discussion session (2) - data quality issues with new
methodologies

Methodology Main quality gains Main quality challenges

Happiness Index via Timeliness; data rese Processing; biases;
Twitter cultural/language

Big Data Analysis System Timeliness; accessibility Processing
for unemployment
statistics

Commuting statistics usin¢ Timeliness; relevance Reliability/ validity/
MPD accessibility long term



Tweet

Preprocessing

Stop Word
Stemming Removal
Cleaning
Formalizing gﬁrenralizing

URL +

Symbol Yy
Removal Yy Cleaning
Translatin text
y slating
Emoji emoji to
I Tweet Extraction  St'ng
Life Satisfaction

' Personally

' Social
Affections
Eudaimonia




Processing

y

Matching
. with labMT
Tokenization dictionary
Final Tweet
The SCOMNG (1= S2ex i 50 i, 2.068.232

tweet

T = containing N words in each area
f = frequency oith word clean
h = happiness value of that word
pi = normalized frequency




SHI vs Happiness Index in Indonesia

highest

BPS >> 2017
lowest . SHI >> 2018

highest

?
?



